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[ Abstract] One of the most important application of artificial intelligence (AI) in pathology is prediction, using
morphological features, of patient prognosis and response to specific treatments. As one of the most common kinds of
malignancies in the world and the crucial important cause of death due to malignant tumor among women, breast cancer
has become the center of attention in clinical services. Axillary lymph node metastasis is an important prognostic factor in
breast cancer. The accuracy of the assessment of axillary lymph node metastasis bears heavily on clinical diagnosis and
treatment. At present, based on the principle of non-invasive procedures, many studies have been done to develop models
that can be used to predict sentinel lymph node metastasis of breast cancer. However, different clinical and pathological
parameters are used in these predictive models. How to analyze the clinical and pathological data of breast cancer patients
in a more comprehensive way and how to establish a prediction model with better precision have become the future
direction of development. In this paper, we describe the research progress of Al in pathology and the current status of its
use in breast cancer research. We have conducted in-depth reflection and looked into the future of ways to predict
effectively breast cancer lymph node metastasis and to establish more accurate and effective deep-learning algorithm
based on Al assistance so as to continuously improve the diagnosis and treatment of breast cancer.
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